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   Abstract: The information on WWW has mounted to a greater 
height, overriding to fledgling analysis in the direction of 
sentiments using Artificial Intelligence. Sentiment Analysis deals 
with the calculus exploration of sentiments, opinions and 
subjectivity. In this paper, multilingual tweets are analyzed for 
identifying the polarities of various political parties like AAP, 
BJP, Samajwadi, BSP and Congress; so that the users will get an 
idea that to which party they should give their vote. The data is 
being analyzed using Natural Language Processing. Using 
different smoothening techniques, noise is removed from data, 
classified by using Machine learning algorithms and then the 
accuracy of the system is gauged using various evaluation 
precision measures. The central premise of this research is to 
benignant common people and politicians both. For common 
people; is for deciding their precious vote, to which party to give 
will be good for themselves and nation too. For politicians; they 
will have an idea about themselves i.e. after seeking the polarities 
of different parties, the politicians will have an idea which party is 
preferable and which is not preferable, so that the politicians can 
work accordingly. The system shows comparison among VADER 
and SVM algorithm; and SVM algorithm showed 90% accuracy.  

Keywords: Lexicon, NLP, SVM, VADER  

I. INTRODUCTION 

In this work, a framework is proposed for identifying the 

polarity of election parties like Bhartiya Janta Party (BJP), 
Smajwadi, AAP (Aam Aadmi Party), BSP (Bahujan Samaj 
Party) and Indian National Congress Party to analyze which 
party is more preferable using Natural Language Processing 
Lexicon based approach by collecting tweets of multilingual; 
this is mainly concerned with communication between 
machines and humans. Natural Language Processing and 
Machine Learning are uproots of Artificial Intelligence. 
Artificial Intelligence; these are its two forks. They work 
conjunctively for solving data problems of analysis [1]. 
Natural Language Processing is a field of Artificial 
Intelligence and Computer Science. It accord with 
computational linguistics; deals with the reciprocation among 
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natural language and machine language and further perturbed 
with training machines to successful analysis of large amount 
of data. Machine Learning is central to Artificial Intelligence 
as it entitles machines for getting them self train without blunt 
programming. When new data set is being provided to the 
machines, they learn and get train by themselves [2]. 
Sentiment Analysis is procedure of computing, recognizing 
and equating opinions manifested in text, for identifying the 
subjective information of text and polarity of the text as 
negative or positive. Lexicon based NLP approach; Machine 
Learning approach and combination of Machine Leaning plus 
Natural Language Processing are perspectives toward 
execution of Sentiment Analysis. Attribute Selection, 
Filtering, Stemming, Lemmatization, Feature Generation and 
applying Statistical classifier are the prime steps for analysis 
of sentiments [3]. Sentiment Analysis, also referred as OM 
(Opinion Mining) is a category of text mining which measures 
the inclination of an individual’s opinion. Sentiment Analysis 
gives attention to identify the individual behavior in respect to 
any topic whether he/ she is feeling positive or negative or 
neutral [4]. To classify individual’s opinion different 

supervised learning techniques and unsupervised learning 
approaches are used [5]. Multilingualism is an important 
challenge to handle in the arena of Sentiment Analysis (SA). 
People from different state, different religion and different 
country use different languages and while posting an 
individual uses the language the way they talk. So, the tweets 
are of variant languages and it is a matter of concern to 
consider all the languages. If the tweets of a single language 
say, English are considered as an input and on those input 
complete methodology is applied of Sentiment Analysis (SA), 
then the output received will not give a surety that it is 
completely correct [6]. Until unless, we will not consider the 
tweets of different languages, the result will not going to be 
accurate. So, to have an accurate and correct output, 
multilingualism needs to be considered. In this, the humans 
program the machines to process the huge size of data and on 
the dependency of the programming done, the system 
responds [7]. The data being collected from twitter via 
Twitter Streaming API. The real significance of work is that it 
works on real time tweets; real time tweets means the tweets 
posted just at the exact moment of time and anywhere in the 
whole world. If we wish to run an application for data 
analysis, the real time Data analysis is the best course of 
action to engulf all the needs. As if we are working on real 
time data, the output we receive out of it is going to be most 
accurate and most updated [8].  
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If we analyze the data by collecting the database, the output 
will be on the basis of the database collected but as we Indians 
changes our choice, our mindset very frequently by going 
with the flow so our opinions vary from time to the time and 
so our tweets vary. So, the best option is to analyze real time 
tweets.    

We live in multilingual country and generally people post 
their opinions in their native language so to consider 
multilingualism is a major concern. 

II.  METHODOLOGY 

A. Data Collection 

Tweepy helps to mine data of Twitter user. It is installed 
using pip. For real time downloading of tweets, Streaming 
API is being used. It is basically used for collecting huge 
quantity of Twitter data and for making the live feed by user 
stream. There is a difference among Rest API and Streaming 
API. By using Rest API, the data is pulled from the twitter 
whereas by using the Streaming API, the data is pushed to a 
steady session [9]. Thus, Rest API downloads less quantity of 
data in comparison to Streaming API [10]. There is an 
instance of Twitter, named as tweepy.Stream, which is used to 
substantiate a streaming network and further forward the 
tweets to an instance, named as StreamListener instance. 
on_data method of the instance StreamListener collects all the 
messages and further make a call to  function, depending on 
the type of messages [11]. These methods act as the stubs.  

B. Data Cleaning 

The initial step of transforming unstructured data to 
structured data is the data cleaning. Following points needs to 
cover in process of data cleaning: First is removal of 
uninformative tweets i.e. the tweets which are very short in 
length that it seems it doesn’t contain any useful information 

should be removed. Second is removal of redundant tweets 
i.e. after contrasting the tweets with other ones; the tweets 
having 90% – 95% having same content are eradicated.  Third 
is removal of punctuations and emoticons, as they do not play 
vital role in process of analysis. Moreover, when the tweets 
are extricated, the emoticons display as a square box instead 
of actual emoticons. Thus, the square boxes are treated as a 
trash. By using ‘replace’ keyword the emoticons as square 

boxes are removed. Fourth is removal of retweets i.e. some 
tweets contains the keyword ‘RT’ which means retweet or 

posting the same tweet again, which does not play 
significance in analysis purpose. Thus, retweets should be 
removed.  Fifth is removal of URL’s. URL is uniform 

Resource Locator which contains the link to some other 
webpage or website. While analysis, the URL provides no 
useful information and thus they are removed.  Last but not 
the least is transforming the complete database in to lower 

case. Already data is inconsistent i.e. randomly arranged with 
no sequence. So to make it suitable for analysis purpose, case 
sensitivity plays a vital role.   

C. Training and Testing 

After cleaning the data, it is trained and tested around its 
axis. By using the crowd sourcing data, the hand tagged 
subset of data is being prepared. It is technique of developing 
the dataset with the aid of large number of people.  

By assembling data using crowd sourcing technique, 
practitioners can estimate valuable, disperse and plenty 
amount of data in low cost. It permits to assemble real time 
data and can get a lot more innumerable and extensive 
observations. It permits researchers to easily reach people and 
different places and providing insight to researchers for 
various events. It guarantees large number of contributors; for 
successful crowd sourcing it is essential. It keeps the network 
growth with a good rate.  

III. RESULTS AND DISCUSSION 

The positive polarity and negative polarity indicating how 
likely the party is, has been shown by analyzing the tweets in 
the below presented graphs. Fig. 1 shows the polarity of 
tweets in related to BJP. The x-axis in the graph represents the 
number of tweets identified for BJP and y-axis represents the 
reviews detected by sentiment analysis process In Fig. 2, the 
x-axis shows the number of tweets in favor of Congress party, 
the y-axis shows the reviews based on tweets i.e. 4500 tweets 
refer positive tweets and 2000 refers negative polarity. We 
can notice that the Congress is not as likely in Canada as it is 
shows negative polarity. In the output graph Fig. 3, the x-axis 
shows the number of tweets in favor of AAP party, the y-axis 
shows the reviews based on tweets i.e. 9500 tweets refer 
positive tweets and 2000 refers negative polarity. We can 
notice that the AAP is not as likely in Chicago as it is shows 
negative polarity In the output graph Fig. 4, the x-axis shows 
the number of tweets in favor of BSP party, the y-axis shows 
the reviews based on tweets i.e. 1200 tweets refer positive 
tweets and 200 refers negative polarity. In the output graph 
Fig. 5, the x-axis shows the number of tweets in favor of 
Samajwadi party, the y-axis shows the reviews based on 
tweets i.e. 7500 tweets refer positive tweets and 2000 refers 
negative polarity.  
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Fig. 1 Polarity of BJP Party 

 

Fig. 2 Polarity of Congress Party 

         

Fig. 3 Polarity of AAP 
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Figure 4 Polarity of BSP 

 

Figure 5 Polarity of Samajwadi Party 

 

Support Vector Machine algorithm, it produces an optimal 
output for identifying the maximum margin hyper plane 
classes. Over fitting problem is specially taken care by SVM 
method. The classes which are having single feature are 
classified using linear demission surface.  

The classes which are having binary features are classified 
by drawing line among classes and the class which are having 
multiple features; they are classified by drawing hyper planes. 
The classification rate of SVM is 90%. The confusion matrix 
using SVM is shown in Fig. 6 and evaluation parameters in 
Table I.  
VADER, sentiment analysis tool is preferred for analyzing 
social media sentiments. The confusion matrix using VADER 

is shown in Fig. 7 and evaluation parameters in Table II. 

8623 (FN) 555 (TN) 

949 (TP) 4513 (FP) 

 

Fig. 6 Confusion matrix using SVM 

   
The graph shown in Fig. 8 represents the accuracy of SVM 

and VADER. The classification rate of SVM is 90% whereas 
that of VADER is 65%. 
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Table-I: Evaluation measures of classifier using SVM  
 Precision Recall F1- measure Support 

Neg 0.90 0.93 0.91 9178 

Pos 0.89 0.82 0.85 5462 

  Macro avg 0.89 0.88 0.88 14640 

 Weighted avg 0.89 0.89 0.89 14640 

Classification Rate 0.90 

 
Table-II: Evaluation measures of classifier using VADER  

 Precision Recall F1- measure Support 

Neg 0.90 0.50 0.65 9178 

Pos 0.52 0.90 0.66 5462 

Macro avg 0.71 0.70 0.65 14640 

Weighted avg 0.76 0.65 0.65 14640 

Classification Rate 0.65 

 

 

Fig. 8 Comparison of classification rate among SVM and VADER 

 

4627 (FN) 4551 (TN) 

526 (TP) 4936 (FP) 

Fig. 7 Confusion matrix using VADER 

The classification rate of SVM 
is 90% whereas that of VADER is 
65%. 

 



 
Multilingual Lexicon based Approach for Real-Time Sentiment Analysis 

989 

Published By: 
Blue Eyes Intelligence Engineering 
& Sciences Publication  

Retrieval Number: B3997079220/2020©BEIESP 
DOI:10.35940/ijrte.B3997.079220 
Journal Website: www.ijrte.org 
 

 

hoto 

 

 
 
 

IV. CONCLUSION AND FUTURE SCOPE 

 In this work, lexicon based polarity identification 
technique has been presented for identifying the polarities of 
few parties such as AAP, BSP, BJP, INC and Samajwadi 
party   as positive and negative using NLP (Natural Language 
Processing) algorithms. This experiment was conducted on 
real time and multilingual tweets for identifying the positive 
polarity and the negative polarity of the parties. The result 
shows that comparatively which party is suitable and which 
party is not suitable. According to the results, SVM showed 
more accuracy than VADER. In future work, all the election 
parties can be included and much of the work can be done 
considering sarcasm, satire and irony. 
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