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Abstract: In today’s scenario large enterprise world spread 
across different locations, continents or having a diverse presence 
over the globe, where data is enormous and handling such large 
data over distributed computing becomes critical in real-time 
database system. The transaction management system for the 
distributed environment must ensure that the sequence of updates 
in the stable warehouses in different locations is confirmed or 
cancelled safely as a single complete unit of work. Working with 
Real-Time Database System (RTDBS) and that to on a distributed 
computing system is a tough task. When we work with distributed 
environment over larger database, we need to take care of the 
transaction time period as well as number of transactions that are 
actually executed (committed) and number of transactions fail. The 
application on dynamic RTDBS becomes more complex when 
certain deadlines need to be completed. In this paper, we had 
carried out the test of CRUD (Create, Read, Update, and Delete) 
operation on transactional Real-time databases in real time 
dynamic distributed environment by using the existing EDF, 
GEDF algorithm and we had compared these algorithms with our 
proposed GMTDS algorithm in standalone and distributed 
environment with a dynamic self adaptive approach for 
management of transactions.  
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I.  INTRODUCTION 

 As the world becomes smarter and more computing 
demands are increasing. Many converging technologies are 
emerging, such emerging IT delivery model is cloud 
computing. The system's objective is to meet deadlines. The 
two-phase confirmation protocol is used to resolve these 
problems. The proper scheduling of transactions and the 
management of their execution time are important factors in 
the design of such systems.  
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Transaction processing on any database system can be 
restricted in real time. In the event of failure, it is not possible 
to provide this guarantee. The proper scheduling of 
transactions and the Management of their execution are the 
important factors in the design of such systems. 

The performance of the system is usually measured in 
terms of the number of transactions completed before the 
deadline. Transactions that miss processing are simply deleted 
or cancelled and executed in the system without being 
discarded until completion. 

To address the problems of Dynamic management of real 
time databases, various approaches had been proposed. Our 
main objective in this paper is to minimize the transactions 
execution time by applying our proposed GMTDS algorithm.  

The paper is organized as per the following sections. A 
literature review of the existing system is mentioned in section 
2. In section 3, 4, 5, 6, 7 proposed work is focussed and the 
detail comparison experiments of EDF, GEDF and proposed 
GMTDS algorithm in standalone and distributed environment 
with a dynamic self adaptive approach for management of 
transactions. In section 8 the results is discussed, in section 9 
the general conclusion is mentioned. 

II. RELATED WORK 

 Concurrent transactions must observe protection 
mechanisms or timestamp protocol or optimistic concurrency 
management protocol. Global transactions can encounter 
various resistances, such as host failure, network association 
failure or dead end and finally global transactions are 
responsible for recovering aborted transactions. Web-based 
and web-based distributed businesses are practical with 
normal distributed transaction processing systems [1]. 
Transactions initiate all discrete tasks that must be performed 
as a unit to achieve a goal. 

Lingli LI, Hongzhi WANG and others study the problems 
associated with managing uncertain data, present cutting-edge 
solutions and provide instructions for future research in this 
field. A distributed storage model with multidimensional 
parity control has been described, which has less redundancy 
than replication and reliability at the level of complex systems 
that are used in the Reed-Solomon algorithm [2].  
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The theoretical justification for the multidimensional parity 
verification method and algorithm is performed, as well as the 
estimation of reliability parameters and their advantages over 
existing distributed memory methods. The technology is 
implemented in distributed databases [3]. 

To improve the security of economic finance management 
data storage a multi-level encryption algorithm has been 
proposed for the storage of distributed financial management 
database based on partial merger and information clustering 
encryption. As part of the arithmetic key cryptography system 
a structure model for the structure of distributed data storage 
for economic financial management is constructed and 
cryptographic statistical resources for economic financial 
management data are extracted [4]. In a conventional 
designated environment transactions are short-lived and 
sources are blocked during the transaction and participants act 
below the transaction manager. Transactions distributed over 
Internet and Internet services are long. Participants may now 
not be able to reserve their assets for an extended period.A 
network based primarily on the conversation infrastructure 
allocated between members is not always reliable at the 
moment. It depends on the pattern of the verbal exchange 
network. An online transaction may require triumph even if 
only some people choose to verify the transaction and others 
cancel it. All activities in the distributed environment are 
recorded. A transaction that must be undone means 
compensation that also performs transactions to restore the 
system to its previous state [5].  

As the world becomes smarter and additional computing, 
IT demands increase. Many converging applied sciences are 
emerging as the emerging model of IT delivery: cloud 
computing. There are many transaction complexities to deal 
with concurrency control and recovery of the distributed 
database systems. The two-phase commit protocol is used to 
solve these problems. To guarantee a certain atomicity of the 
transaction, confirmation protocols are implemented in the 
distributed database system. 

A uniform commitment is guaranteed using a commitment 
protocol in the execution of an assigned transaction to ensure 
that all participating sites agree with the latest result. The 
result can be a confirmation and cancellation condition. In a 
real-time database device, the transaction processing device 
designed to handle workloads, the place where transactions 
have full deadlines. 

To perform certain atomicity transactions, the confirmation 
protocol is applied to a distributed database system. 
Experimental results of scheduling transactions below the 
range of workloads and the unique configuration of the system 
are evaluated using this simulation [6].  Many database 
researchers have proposed types of confirmation protocols, 
such as two-phase confirmation and nested two-phase 
confirmation, presumed confirmation and presumption 
cancellation, transmission of two-phase confirmation, three-
phase confirmation etc. This requires the exchange of some 
messages, in more than one phase, between the participating 
sites where the waived transaction was executed. Several log 
records are generated to make eternal changes to the statistics 

disk, which bothers an additional time of execution of the 
transaction. Proper scheduling of transactions and 
management of their execution time are necessary factors to 
design these systems [7] [8] [9]. 

Transaction processing on any database system can be 
restricted in real time. Programming transactions with closing 
dates in a database machine residing in the memory of a single 
processor were developed and evaluated by simulation. Real 
action such as firing a gun or allocating money may now also 
not be worthwhile. Properly scheduling transactions and 
managing their execution time are important elements in the 
design of such systems. In this database, the overall 
performance of the confirmation protocol is generally 
measured in terms of a variety of transactions that are 
executed before their deadlines. The transaction that skips its 
deadlines before the end of processing is simply deleted or 
aborted and discarded from the device without being 
completed until its completion. Real-time disk programming 
plays an important role in time-constrained applications. The 
real-time database system depends not only on strict data 
consistency requirements, but also on the timing of the results 
[10]. Several previous RTDBS studies have been conducted to 
address the problem of scheduling transactions in order to 
minimize the number of failed transactions. The main 
objective of RTDBS is to maximize the value obtained by 
transactions on time and to minimize the number of failed 
transactions [11] [12]. Priority assignment is a key issue in the 
transaction scheduling algorithm. It is affected by many 
factors, such as resource requirements, degree of urgency, 
time constraints, etc. Depending on the type of transaction, 
design a multi-dynamic priority assignment policy using 
deadline and downtime [13].  

III.  PROPOSED WORK 

The proposed model is executed in a standalone system and 
a client server environment. In distributed transactions we had 
considered one process naming Master and another set of 
processes called child or cohorts. The child executes the 
process transactions at various distributed network domains 
and that we had accessed over the distributed client-server 
architecture. The main server process the setup of the 
collection of all client network datasets which interns execute 
the individual process on their own. When the client 
completes the execution process, it sends signals of 
acknowledgments to the Server. 

The server consists of various sizes of the dataset on its 
sites and then the client triggers the CRUD set of queries 
paralleled. The client executes the steps and transaction is 
committed, maintains its log on client-side and sends positive 
data to sever that transaction is either successfully committed 
or not.  
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The client had executed the prepared statement or SQL 
queries and in-between the client can’t commit or abort the set 
of queries getting already executed until the server sends some 
kind of deciding whether to abort the transactions or commit 
the transactions. Whereas on the other side every client who 
decides to abort the transaction will maintain its log file and 
sends a negative signal to the server. Once the entire client 
sends the transaction messages to the server than from server 
the second phase is executed. If all clients send a positive 
acknowledgment to sever, the server maintains its log and 
sends a commit message to all clients. If the server receives 
any negative message from any client about the transactions, 
then the server sends the aborting transaction message to the 
respective client and also maintains its log. The clients after 
receiving the abort message, execute the respective abort 
command, write and abort log and sends the message to the 
server. At the end of the Server end, after receiving all the 
messages from clients, the server log file is again updated and 
keeps ready the state for the next transactions.  

IV. TRANSCATIONAL SCHEDULING USING EDF 

ALGORITHM 

The First Earliest Deadline First algorithm is an analogy of 
FCFS. Requests are classified according to the deadline and 
the request with the oldest deadline is answered first. By 
assigning priorities to transactions, an earlier term policy 
minimizes the number of transactions that are delayed on 
systems that operate under low or moderate levels of resource 
and data contention. Hence the first deadline gives top priority 
to transactions that have the shortest time left to complete. 
However, the performance of the transaction deadline 
decreases in an overloaded system. This is because, under a 
heavy load, transactions get top priority when they are close to 
deadlines. Achieving high priority at this advanced stage may 
not allow enough time for transactions to be completed ahead 
of schedule. Under heavy load, a weakness of the Earliest 
Deadline priority schedule is that it assigns the highest priority 
to transactions that are close to missing their deadlines, thus 
delaying other transactions that might still be able to meet 
their deadlines. The EDF only consider the order of deadlines 
and introduces huge amount of seek-time costs with poor disk 
throughput. 

A.  Illustration of EDF 

EDF arranges the transactions in the increasing order of their 
deadlines. 
Minimum Deadline ----- > Highest Priority 
Maximum Deadline ---- > Lowest Priority 
Following table and graph shows the average response time in 
milliseconds when we had executed the transaction by 
increasing the size of database and given certain deadline at 
runtime. 

Table I: Average Response Time 

Transaction Record Size Average Response Time(in MS) 

10000 3012 

20000 6063 

30000 9601 

40000 11734 

50000 14940 

60000 16800 

70000 19234 

80000 21568 

90000 24562 

100000 29192 

 

 

Fig. 1 Response Time Taken for Various Size of dataset 

When we analysed by applying EDF algorithm dynamically 
on various size database ranging from 10000 to 100000, 
within a deadline mentioned at run time , we observed that the 
transaction with get hit is only 1 on or average and 4 are 
getting missed. Hence ration if we calculate is only 20%. 
Following graph show the hit and miss transaction before 
deadlines in the transactions on database size 10000 to 
100000. 

Table II: No of Hit and Miss for EDF Algorithm 

Size of Record Set Total Hit Total Miss 

10000 1 4 

20000 1 4 

30000 1 4 

40000 1 4 

50000 1 4 

60000 1 4 

70000 1 4 

80000 1 4 

90000 1 4 

100000 1 4 
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Fig. 2 No of Hit and Miss for EDF Algorithm 

V. TRANSCATIONAL SCHEDULING USING 

GEDF ALGORITHM 

In the GEDF algorithm based on the EDF algorithm, 
where transactions with “similar” terms are grouped (i.e., 
terms very close to each other) and the Shortest Job First 
(SJF) algorithm is used to schedule transactions within a 
group.  It is used both in overload and under load conditions. 
It is useful for real-time systems, as well as for applications 
known as "approximate algorithms" and "algorithms at any 
time", where applications generate more results or account 
rewards with longer run times. A ti transaction in a real-time 
system is defined as ti = (ri, ei, Di, Pi); where you laugh is 
your launch time (or your arrival time); ei is the worst case or 
the average execution time; Di is your term and Pi is the 
periodicity of the transaction. This algorithm generated a fixed 
number (N) of request with different arrivals, execution times 
and deadlines. Orders must be mutually independent. 

A group in the GEDF algorithm depends on a group range 
parameter Gr. Tj belongs to the same group as you if di <dj 
<(di + Gr * (di - t)), where t is the current time, 1 <i, j <N. In 
other words, orders are very close deadlines. Groups are 
scheduled based on EDF. All requests in a group with an 
earlier deadline are considered for scheduling. Requests in a 
group with later deadlines are schedule requests within a 
group using the shortest Job First. As shortest Job First results 
in more completions, intuitively, GEDF should lead to a 
higher success rate than pure EDF. 

A.  GEDF Algorithms 

QGEDF is a queue for GEDF programming. The current 
time is represented by t. | QGEDF Represents the length of the 
tail. A group in the GEDF algorithm is defined as 
GEDF Group = {Tk | Tk € QGEDF, dk-d1 ≤ D1 * Gr, 1 ≤ k 

≤m Where m ≤ | QGEDF} 
D1 = deadline of the first transaction, that is, the lowest 
Gr = group rating factor = 0.4 (that is, all transactions whose 
terms are within 40% of the current transaction term are in the 
same group). 

a. Enqueue (QGEDF, T) 
If (Ti’s deadline d >t) then 
Insert transaction T into QGEDF by EDF i.e. di ≤ 

di+1 ≤di+2, 
Where Ti, Ti+1, Ti+2 € QGEDF, 1 ≤ i ≤|QGEDF| - 2; 

     End 
b. Tmin = Dequeue (QGEDF) 

If QGEDF ≠ ø then 
Find a transaction Tmin with emin=min  
{ ek|Tk € QGEDF, dk – d1 ≤ Gr * D1, 1 ≤ k ≤ m, 

where m ≤ |QGEDF| }; 
Run it and delete Tmin from QGEDF; 

    End 
Queuing is called when transactions arrive and queuing is 
called when the disk is inactive. The algorithms classify 
transactions in each group, which can generate more overhead 
during execution than EDF.  

B.  Illustration of GEDF 

Step I: Insert the transactions in EDF order. 
T1 T0 T2 T4 T5 T7 T6 T3 
6   10  15  17 19 21  24 26  Deadlines 
d0 – d1 = 10 – 6 ≤ 2.4 is False 
G1 = {T1} 
Group2 G2: 
d0 * 0.4 = 10 * 0.4 = 4 
d2 – d0 = 15 – 10 ≤ 4 is False 
G2 = {T0} 

Step II: Repeating the same procedure the final groups are 
formed: 
G1 = {T1} 
G2 = {T0} 
G3 = {T2, T4, T5, T7} 
G4 = {T6, T3} 

Step III: Apply SJF (Shortest Job First) in each group. 
The transaction having less Average Execution 

Time (AET) will be served first. If the AET is 
same then check Arrival Time. The transaction 
having minimum Arrival Time will be served first.  
For group G3 
G3 = T2 T4 T5 T7 
        7.5 6 7.5   7.5   AET 

             0 5 4  6     Release Time 

After arranging the transactions of G3 in increasing order of 
arrival time for the same AET 

G3 = T4 T2 T5 T7 
In the same way, 

G4 = T6 T3 
Final schedule for GEDF will be 

T1 T0 T4 T2 T5 T7 T6 T3 
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C.  Performance Analysis of GEDF Algorithm 

Following table and graph shows the average response time 
in milliseconds when we had executed the transaction by 
increasing the size of database and given certain deadline at 
runtime by using GEDF Algorithm. 

Table III: Average Response time for GEDF 

Transaction Record Size Average Response Time(in MS) 

10000 2699 

20000 4767 

30000 6916 

40000 9207 

50000 11469 

60000 13042 

70000 16278 

80000 18196 

90000 20513 

100000 25174 

 

 

Fig. 3 Average Response Time 

When we analysed by applying gEDF algorithm 
dynamically on various size database ranging from 10000 to 
100000, within a deadline mentioned at run time , we 
observed that the transaction get hit is only 2 on an average 
and 3 are getting missed. Hence ratio, if we calculate is only 
40%. Following graph show the hit and miss transaction 
before deadlines in the transactions on database size 10000 to 
100000. 

Table IV: No of Hit and Miss for GEDF Algorithm 

Size of Record Set Total Hit Total Miss 

10000 2 3 

20000 2 3 

30000 2 3 

40000 2 3 

50000 2 3 

60000 2 3 

70000 2 3 

80000 2 3 

90000 2 3 

100000 2 3 

 

 

Fig. 4 No of Hit and Miss for GEDF Algorithm 

VI. TRANSCATIONAL SCHEDULING USING 

GMTDS ALGORITHM 

In our proposed algorithm we have divided transactions into 
three groups HT, ST and NT same as in MDTS except that 
before giving service to the grouped transactions, GEDF 
algorithm is applied to further divide them into groups. And 
then transactions are served considering highest priority group 
first. Proposed algorithm based on MDTS and GEDF 
algorithms is given below: 
 As transactions are separated in three levels by type, ou 

seja, real time transaction (HT), real time transaction (ST), 
real time transaction (NT). Its priorities are defined as: Prio 
(HT)> Prio (ST)> Prio (NT). Next, different types of 
transactions use different programming policies to assign 
priorities. 

  Lowest priority to the non-real time transaction. Here one 
transaction is consider for NT  

 Initially we assign the level no. to each transaction 
randomly 

 According to level no. we decide which is HRT, SRT and 
Non-Real Time and then assign priority to each transaction.  

 Apply G-EDF on HT and ST groups and schedule the 
transactions considering highest priority group first.  

  For hard transaction  
Pi = (α * D + (1-α) * S) 
Where, S= de-(t0 + AET) 
D=de-t0 
 7. For soft transaction 
Pi = S 
Where, S= de-(t0 + AET) 
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A.  Performance Graph for GMTDS 

Following table and graph shows the average response time 
in milliseconds when we had executed the transaction by 
increasing the size of database and given certain deadline at 
runtime by using GMTDS Algorithm. 

Table V: Average Response Time for GMTDS Algorithm 

Transaction Record Size Average Response Time(in MS) 

10000 2671 

20000 4734 

30000 6705 

40000 8850 

50000 11326 

60000 12718 

70000 14310 

80000 17807 

90000 18253 

100000 23192 

 

 

Fig.5 Average Response Time for GMTDS Algorithm 

When we analyzed by applying GMTDS algorithm 
dynamically on various size database ranging from 10000 to 
100000, within a deadline mentioned at run time , we 
observed that the transaction that get hit is only 4 on an 
average and 1 are getting missed. Hence ratio, if we calculate 
is only 80%. Following graph show the hit and miss 
transaction before deadlines in the transactions on database 
size 10000 to 100000. 

Table VI: No of Hit/Miss for GMTDS Algorithm 

Size of Record Set Total Hit Total Miss 

10000 4 1 

20000 4 1 

30000 4 1 

40000 4 1 

50000 4 1 

60000 4 1 

70000 4 1 

80000 4 1 

90000 4 1 

100000 4 1 

 

 

Fig. 6 No of Hit/Miss for GMTDS Algorithm 

VII.  PROPOSED DYNAMIC SCHEDULING GMTDS 

ALGORITM 

In all above methodologies which is implemented with the 
various deadlines and when we observe various seek time or 
actual execution time, we found that for small amount of data 
size (ranging from 1000,5000,10000 data size), the execution 
time or response time is low in terms of EDF algorithm and 
when data size is in range of 10000 to 30000 size then GEDF 
is better. Whereas although GMTDS performs better for all 
datasets size but still we can consider it better response time 
for data size greater than 40000. Based on this observation we 
had developed our proposed methodologies with time 
constraint as parameters and dynamic self-adaptive system for 
real time database management is proposed. Following 
algorithm explains the same. 

A. Algorithm: Dynamic Management 

 START   
 Get the data size of the database 
 If the ds>1000 and ds<20000 

select procedure for edf Algorithm  
else if ds>20000 and ds<40000 

select procedure for GEDF algorithm 
else 

select procedure for GMTDS algorithm 
 repeat steps 1 and 2 till end of execution 

END 
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VIII.  RESULTS AND DISCUSSIONS 

To perform the results on the dataset which we had kept for 
consideration, the following parameter setting is done. 

Parameters Description 
No of client Sites 3 
Database Size Ranging from 1000 records 

to 100000 records 
CPU Process Core I3 2.2 GHz processor 
RAM Size 8 GB 
Arrival Rate 4/5 jobs per sec 

A. Results and Discussion of Proposed Dynamic Adaptive 
Approach using GMTDS 

In this section, the results of the proposed new algorithm are 
compared with the previous ones. First deadline (EDF), the 
group first deadline (GEDF) and the new GMTDS approach 
do able in a simulator. The simulation is disabled to model as 
requests from the database and the number of records 
(database number). The return of the algorithm is related to 
the number of successful transfers and the response time. 
Based on experimental results, our GMTDS approach can 
support more transactions than other approaches. In particular, 
according to previous experiments, our approach can 
successfully complete missed transactions for other 
approaches. This is because our approach applies the first 
approach with the shortest research time and also verifies 
viability. As a result, compared to previous approaches, more 
transactions can be made ahead of time. 

Table VII: Comparison of algorithm for No of Hit/Miss 

No of Records EDF GEDF GMTDS 

10000 1 2 4 

20000 1 2 4 

30000 1 2 4 

40000 1 2 4 

50000 1 2 4 

60000 1 2 4 

70000 1 2 4 

80000 1 2 4 

90000 1 2 4 

100000 1 2 4 

 

Fig.7 Comparison of algorithm for No of Hit/Miss 

The response time or fulfil time, that is, start time of the 
transaction till its completion time is another important factor 
in measuring performance of a real-time database 
management system algorithm. If the same input requests are 
given, a well-behaved real-time database management system 
algorithm should finish the schedule as quickly as possible to 
maximize data throughput. Table 8 summarizes the average 
response time (ms) by taking 10000 to 100000 real-time 
transactions for comparison. 

Notably, based on the above experiments, in our approach 
response time is less as compared to other approaches. This is 
because our approach applies feasibility technique. The 
transactions are only served if they are feasible. As a result, 
compared to previous approaches throughput of the system is 
improved. 

Table VIII: Average Response Time Comparison 

 EDF GEDF GMTDS 

10000 3012 2699 2671 

20000 6063 4767 4734 

30000 9601 6916 6705 

40000 11734 9207 8850 

50000 14940 11469 11326 

60000 16800 13042 12718 

70000 19234 16278 14310 

80000 21568 18196 17807 

90000 24562 20513 18253 

100000 29192 25174 23192 
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Fig.8 Comparison of Average Response Time 

B. Results and Discussion in Dynamic Self Adaptive 
approach using GEDF and GMTDS algorithm. 

In this approach, we are comparing the results between two 
algorithms i.e. GEDF and GMTDS. The dynamic 
management of real time database system algorithms group 
Earliest Deadline First (GEDF) and our approach Feasible 
GMTDS are simulated. The simulation is built to model the 
database requests and number of records (database size). The 
performance of algorithm is tested with number of successful 
transactions and response time. 

The number of transactions supported, that is, number of 
transactions that are hit is one of the most important factors in 
measuring performance of a real-time dynamic management 
system scheduling algorithm.  Being already we had discussed 
in section VII that we had designed the dynamic self-adaptive 
approach based on average response time and number of hit 
and miss transaction of various algorithms and we had 
selected that our proposed GMTDS approach performs better 
when the record size goes beyond 40000 records in a table. 
Hence we had implemented our system of dynamic self-
adaptive in such a way that till record size of 10000 to 40000, 
the GEDF algorithm is selected and executed and beyond 
40000 record set till 100000 record set, GMTDS algorithm is 
selected dynamically. We then calculate number of hit and 
miss transactions of these two algorithms. We had also 
compared the average response time when these two 
algorithms had been selected one by one from 10000 to 
100000 record set. It is still observed that our proposed 
GMTDS algorithm is outperforming GEDF algorithm even in 
self adaptive dynamic management. In Table IX, we 
summarize number of database requests that can hit after 
selecting the algorithm. Table X gives us average response 
time in self adaptive approach after selecting the GEDF and 
GMTDS algorithm dynamically. 

 
 

Table IX: No of Hit Transaction in Dynamic self-Adaptive 
Mechanism 

No. of Record 
sets 

GEDF (No of Hits) 
GMTDS (No. of Hits) 

10000 2  

20000 2  

30000 2  

40000 2  

50000  4 

60000  4 

70000  4 

80000  4 

90000  4 

100000  4 

 

 

Fig.9 No of Hit Transaction in self-adaptive Dynamic 

In table X below, the average response time after selecting 
the GEDF or GMTDS algorithm dynamically is recorded. 
Here again it proves that response time of GMTDS is less 
compared to GEDF algorithm. 

Table X: Average Response time in Dynamic Self 
Adaptive 

No. of Record sets gEDF GMTDS 

10000 2880 2730 

20000 5201 4892 

30000 7018 6810 

40000 9218 8927 

50000 11510 11419 

60000 14412 12760 

70000 17910 14591 

80000 18756 17992 

90000 20702 18342 

100000 25754 23929 
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Fig.10 Average Response Time (MS) in self-adaptive 
dynamic approach 

C. Results and Discussion in Dynamic Self Adaptive 
approach on client server architecture. 

In this section, we had made two machines as client server 
architecture where on one machine we had kept the dataset 
ranging from 10000 to 100000 in number as we had done in 
earlier sections. On Second machine which we had treating as 
client machine we are running the self-adaptive dynamic 
selection of algorithm where we had taken the algorithm again 
as EDF, GEDF and GMTDS. We are calculating average 
response time to execute the task of all datasets and here also 
we had observed that our proposed GMTDS algorithm 
performs better even on dynamic selection in client server 
architecture. Table XI show the average response time in 
Millisecond’s and Figure 11 show the analysis graphs of all 

three algorithms. 

Table XI: Average Response time in Client Server 
Architecture 

No of Record Sets EDF gEDF GMTDS 

10000 9234 8451 6230 

20000 11124 9340 7823 

30000 13783 10293 8945 

40000 14891 12902 10342 

50000 16903 13982 12091 

60000 18567 14996 13128 

70000 21091 16785 14893 

80000 23981 18012 16930 

90000 26789 20992 18945 

100000 28970 23967 20893 

 

Fig.11 Average Response Time in Client Server 
Architecture 

IX. CONCLUSION AND SUMMARY 

In this work of self adaptive dynamic transaction 
management system we had performed a series of 
experimentation on different workload condition of 
transactions and analyze the performance of transaction 
management on a standalone system and in client-server 
architecture by using various transactional algorithms like 
EDF, GEDF and GMTDS. We had also done the experimental 
evaluation with our dynamic approach of GMTDS on various 
runtime operations by implementing CRUD approach. The 
scenario was tested under different workloads and execution 
methodologies. The scheduling of accessing the datasets 
through various commands is analysed so that it can meet the 
deadlines and minimizes the number of transaction which 
messes the deadlines. 

We had observed that the performance of our dynamic 
approach of proposed GMTDS algorithm is much better in 
comparison to other algorithms like EDF, GEDF. The number 
of hit and miss ratio is almost 80% in case of our proposed 
algorithm, where as it is 60% in case of GEDF and 20% in 
case of EDF algorithm which proves that by performance 
perspective our proposed algorithm is better. Not only this but 
even the average response time is also far better than in our 
proposed GMTDS algorithm compared to other two 
algorithms. 

Our future scope involves the implementation of a proposed 
GMTDS algorithm on multiple distributed systems and with 
NOSQL databases where we can observe quite reduction in 
response time as the databases will be in non-relational type. 
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