
International Journal of Recent Technology and Engineering (IJRTE)  
ISSN: 2277-3878 (Online), Volume-8 Issue-2, July 2019    

 

1861 

 

Published By: 
Blue Eyes Intelligence Engineering 
& Sciences Publication  

Retrieval Number: A9164058119/19©BEIESP 
DOI: 10.35940/ijrte.A9164.078219 
Journal Website: www.ijrte.org 
 

 
Abstract: The process of threaten or harassment of  any user 

with the help of posting wrong/abused or vulgar messages using 
the social media in the internet is known as Cyber bullying .These 
messages may sometime contain a text posted by a teen, or preteen 
or a child who want to threaten or harassed or embarrassed other 
child by posting the messages. So in this project, we mainly try to 
propose another depiction learning strategy to handle this issue 
known as SEMdae. Here the semantic augmentation comprises of 
predefined words that contain noise or abused meaning which is 
posted into the database by the admin and these words are 
classified based on the five categories that are available in the 
literature like “HATE, VULGAR, OFFENSIVE, SEX, and 

VOILENCE”.  
Index Terms: BoW, SEMdae.  

I. INTRODUCTION 

Bullying: 
Bullying is conduct that is intended to be terrible, focuses on 
an individual or gathering of individuals, happens more than 
once and humiliates, compromises or threatens the individual 
being harassed. It might occur face to face however can 
likewise occur far out or on the web. Menaces don't generally 
work alone. The effect of tormenting can be much more 
noteworthy when a gathering of individuals start to act 
together. 
The current definition recognizes two modes and four sorts 
by which youth can be harassed or can menace others. The 
two methods of tormenting incorporate direct (e.g., harassing 
that happens within the sight of a focused on youth) and 
backhanded (e.g., harassing not straightforwardly imparted to 
a focused on youth, for example, spreading gossipy tidbits). 
Not   these two modes, the four sorts of harassing incorporate 
general classifications of physical, verbal, relational (e.g., 
efforts to hurt the notoriety or connections of the focused on 
youth), and harm to property. Tormenting can occur in any 
number of spots, settings, or areas. In some cases that place is 
on the web or through a cellphone. Harassing that happens 
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utilizing innovation (counting yet not restricted to 
telephones, email, visit rooms, texting, and online posts) is 
viewed as electronictormenting and is seen as a unique 
circumstance or location. 
Prevalence: 
Between 1 in 4 and 1 in 3 U.S. students say they have been 
bullied at school Numerous less have been cyberbullied. See 
more commonness insights.  
Most harassing occurs in center school. The most 
well-known sorts are verbal and social harassing.  
There is developing attention to the issue of tormenting, 
which may persuade that harassing is expanding. 
Nonetheless, examines recommend that rates of harassing 
might decay. Despite everything it remains a pervasive and 
significant issue in the present schools 
Risk Factors 
Young individuals who are seen as not the same as their 
companions are regularly in danger for being tormented. See 
more on who is in danger. 
Effects 
Bullying influences all adolescent, including the individuals 
who are harassed, the individuals who menace others, and the 
individuals who see tormenting going on. A few impacts may 
last into adulthood. See more on the impacts of harassing.  
Group Phenomenon 
Bullying isn't normally a straightforward association between 
an understudy who menaces and an understudy who is 
harassed. Rather, it frequently includes gatherings of 
understudies who bolster each other in tormenting different 
understudies.  
Changing Roles 
There is certifiably not a solitary profile of a youngster 
engaged with tormenting. Youth who menace can be either 
very much associated socially or underestimated, and might 
be tormented by others too. Likewise, the individuals who are 
tormented once in a while menace other. Youth who both 
domineering jerk others and are harassed are at most serious 
hazard for ensuing conduct, emotional wellness, and 
scholarly issues.  
Disconnect Between Adults and Youth 
There is frequently separate between youngsters' 
understanding of tormenting and what the grown-ups see. 
Likewise, grown-ups frequently don't have the foggiest idea 
how to react when they do perceive tormenting. 
Promising Prevention Strategies 
Solutions to harassing are not straightforward. Tormenting 
aversion approaches that demonstrate the most guarantee 
stand up to the issue from numerous points 
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Bystanders who intercede for the benefit of youngsters being 
harassed have a gigantic effect. 

II. LITERATURE SURVEY 

In the existing system there was no pre-defined method or 
software to classify the abused or cyber bulling messages for 
a text message which is posted on OSN walls and identify the 
meaning of that word and block that message not to be posted 
directly on the user’s wall 
LIMITATIONS OF EXISTING SYSTEM 
The following are the limitations that takes place in the 
existingsystem.They are as follows: 
 Till now there was no method like SEMdae in the 

literature to automatically detect the cyber bullying 
messages and encode them into a separate list. 

 There is no term like BoW in the existing system, where 
a bag of words is listed into a database and these bags of 
words are used for matching the dimensions of 
corresponding term which is posted on the wall 

PROPOSED SYSTEM 
 In the proposed system we used a expert knowledge for 

feature learning.  
 The proposed system uses ML-Approach for classifying 

the semantic meanings of posted. 
 we endeavor to consolidate BoW highlights, opinion 

highlights and relevant highlights to prepare a help 
vector machine for online provocation identification. 

ADVANTAGES OF PROPOSED SYSTEM 
The following are the advantages of our proposed system.  
 Most cyberbullying detection methods rely on the BoW 

model.  
 This should be verified or managed by the Administrator 

while adding words into the BoW database. 
 In this proposed application by giving labels for the 

BoW ,we can get an exact count of each and every word 
like how many abused words are used in the message and 
which word come from which category 

SYSTEM ARCHITECTURE 

 

III. PROPOSED ALGORITHM 

Semantic-Enhanced Marginalized Denoising Auto-Encoder 
                                          (SEMdae). 

In prior executions of IR frameworks, the expressions of a 
content were generally stemmed as a feature of the ordering 
procedure, and the stemmed structures just held in the 

primary IR list. The expressions of every approaching 
question would then be stemmed correspondingly. At the 
point when the list terms were seen by the client, for instance 
amid question extension, they would be found in their 
stemmed structure. It was vital in this manner that the 
stemmed type of a word ought not be excessively new in 
appearance. A client will be OK with seeing capture, which 
represents catching, secured just as capture. Increasingly 
problematical is apprehends, representing misgiving, 
uncertain and so forth., however all things considered, a 
prepared client would not have an issue with this. Indeed, all 
the Xapian stemming calculations are based on the 
supposition that it leave stemmed structures which it would 
not be humiliating to show to genuine clients, and propose 
that new stemming calculations are planned in light of this 
paradigm.  

A better methodology is than keep each word, W, and its 
stemmed form,s(W), as a two-route connection in the IR 
framework. W is held in the list with its own posting list.s(W) 
could have its different posting list, however this would be 
logical from the class of words that stem to s(W). The critical 
thing is to have the W ↔ s(W) connection. This can infer 

s(W), the stemmed structure. From a stemmed structure s(W) 
can determine W in addition to different words in the IR 
framework which stem to s(W). Any word would then be able 
to be looked on either stemmed or unstemmed. In the event 
that the stemmed type of a word should be appeared to the 
client, it tends to be spoken to by the commonest among the 
words which stem to that structure. 
RemoveStopwords 

It has been conventional in setting up IR frameworks to 
dispose of the very commonest expressions of a language - 
the stopwords - amid ordering. An increasingly current 
methodology is to file everything, which enormously helps 
hunting down expressions for instance. Stopwords would 
then be able to in any case be disposed of from the question as 
a discretionary style of recovery. In either case, a rundown of 
stopwords for a language is helpful.  

Getting a rundown of stopwords should be possible by 
arranging a vocabulary of a content corpus for a language by 
recurrence, and going down the rundown picking off words 
to be disposed of.  

The stopword list interfaces in different ways with the 
stemming calculation:  

The stemming calculation would itself be able to be 
utilized to recognize and expel stopwords. One would include 
into the irregular_forms table something like this,  

 
"",/* invalid string */  
 
"am/is/are/be/being/been/"/* BE */  
 
"have/has/having/had/"/* HAD */  
 
"do/does/doing/did/"/* DID */  
 
... /* multi-line string */  
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with the goal that the words am, is and so forth guide to the 
invalid string (or some other effectively recognised esteem).  
Then again, stopwords could be expelled before the 
stemming calculation is connected, or after the stemming 
calculation is connected. In this last case, the words to be 
evacuated must themselves have experienced the stemmer, 
and the quantity of particular structures will be enormously 
diminished thus. In Italian for instance, the four structures  
 

questaquestequestiquesto 
(implying that) all stem toquest 
 

ALGORITHM STEPS 
*From the example   
Hi Hello How are you.Youidiot.youraskel 
If any stopwords like articals and prepositions were used, to 
remove those stopwords this command is applied. 
After removing the stopwords the result is: 
Hi Hello How you.youidiot.youraskel 
Stemming  
Here the message will be initially pre-processed and data 
cleaning will be done in which no duplicates are allowed for 
forming the data set.Once the data set if formed the message 
will be matched with the set of pre-defined keywords that 
were added by the admin into the Bag-of-Words(BoW) 
database table. 
Hi Hello How you idiot raskel 
you 
you 
In this message you has been occurred 3 times after applying 
stemming then the result is: 
Hi Hello How you Idiot raskel 

 
Dataset Formation 
The dataset formation d={Hai,Hello,How,you,idiot,raskel} 

Sample Process: 
d=Matched with Bag of words database table 
if(d==0) 
{ 
Cyberbulled message 
{ 
If (d==1) 
{ 
Non Cyberbulled message 
} 
}  
By considering the dataset if there is any cyberbulying 

message then it checks the word in BOW Database table. If 
the word matches with the table then it’s a cyberbulying 
message(d==0) if the word doesn’t match then its not a 

cyberbulying message(d==1). 
 
 
 
 
 
 
 
 
 
 

IV. RESULT ANALYSIS 

1. Main window 

 
 

2. Admin login window 

 
 

3.Admin main window 
 

 
 

4. Admin main window 

 

 
5. Admin view all the user details 
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6. Admin can add words for filtering 
 

 
 
7. Admin can view all the words that are added into the 

list 
 

 
 

8.Admin views the post details 
 

 
 

9. User home page 
 

 
 

10. User main window 
 

 
 

V. CONCLUSION 

This paper addresses the content based cyberbullying 
location issue, where powerful and discriminative portrayals 
of messages are basic for a compelling identification 
framework. By planning semantic dropout commotion and 
authorizing sparsity, we have created semantic-upgraded 
underestimated denoising autoencoder as a specific portrayal 
learning model for cyberbullying location. Also, word 
embeddings have been utilized to consequently grow and 
refine harassing word records that are introduced by area 
learning. The execution of our methodologies has been 
tentatively checked through two cyberbullying corpora from 
social medias: Twitter and MySpace. As a subsequent stage 
we are wanting to additionally improve the power of 
thelearned portrayal by considering word request in 
messages. 
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