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ABSTRACT--- In opinion mining, the expression is composed 

in a normal speech about a topic and classify them as good bad 

or unbiased based on the human’s view, feeling, thoughts stated 

in it. Currently, customer views and remarks on goods are 

multiplying everyday. These remarks are beneficial for different 

buyers. Human calculation of huge count of reviews is almost 

not feasible. To interpret this problem an automatic way of a tool 

to mine the general views of reviewers is required. This paper 

concentrate on the dictionary based opinion mining of product 

reviews. 

Keywords: Sentiment analysis, opinion mining, machine 

learning, product reviews, semantic orientation, SentiWordNet 

 INTRODUCTION 1.

True facts open on the network can be widely named 

conviction or supposition. A text which includes conviction 

is recognized as an objective sentence through the text that 

includes supposition is recognized as a subjective sentence 

[1]. besides the brisk expansion of web-based business 

refinement, there has been an essential increment in the tally 

of conclusions that are convenient in real time as audits 

The public which is doing internet buying generally 

depends on these surveys, while they are also employed by 

ventures and companies to supply improve goods or 

assistance. This not only improves the buying incident of 

current buyers but also assist possible buyers to form an 

opinion about that goods [1-3]. In this paper, a system to 

execute opinion valuation applying the dictionary-based 

method is constructed.  

 BACKGROUND AND RELATED WORK 2.

Opinion mining is quickly developing exploration 

territory with more current and more up to date methods and 

calculations empowering the programmed procedure of 

information[4]. Opinion mining is the investigation of 

individuals' suppositions and opinions about things and the 

different parts of the articles[5]. 

Opinion mining has been extensively utilized in differing 

conditions like political uprisings, the dispatch of devices. 

Prior to the approach of evaluating courses for mining and 

NLP computation, such sentiment examination was 

performed physically where agents completed an 

investigation of the opinions, physically sorted out them and 

broke down the result utilizing unadulterated processable 

investigation. With more dynamic hardware being made by 

the machine learning gathering, opinion mining has turned 
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into a quickly developing region where a lot of open 

information would now be able to be inspected 

algorithmically. 

Rania Othman et al. have proposed a structure for Twitter 

sentiment investigation for removing item includes for 

appraisal mining [1]. They propose a discussion based 

strategy which considers a discussion as an answer tree and 

uses answer joins, to satisfactorily remove the item includes 

related to the messages. They in like manner develop a 

discussion filtering process which joins scores evaluated 

from different points of view including the content 

importance and social perspectives. They coordinated our 

investigations using a physically remarked on Twitter 

corpus including mobile phones and diverse equipment 

items. 

Blety Babu Alengadan et al. have suggested modified 

feature-based opinion mining for a product. The 

fundamental adage of the undertaking is positioning the 

items and its essential feature which would inevitably equip 

a quicker basic leadership[6].  

Kudakwashe Zvarevashe et al. have proposed a structure 

for opinion analysis with opinion mining of hotel surveys. 

The proposed structure is named sentiment polarity that 

consequently readies a sentiment dataset for preparing and 

testing to extricate fair-minded opinions of inn 

administrations from audits Error! Reference source not 

found.. A relative study was set up with Naïve Bayes 

multinomial, consecutive insignificant improvement, 

compliment Naïve Bayes and Composite hypercube on 

iterated irregular projections to find an appropriate machine 

learning calculation for the characterization part of the 

structure.Afshan Ejaz et al. have proposed lexicon 

dictionary reference-technique with a specific end goal to 

look at which calculation acts best on a granted Amazon 

dataset[9] 

 SYSTEM IMPLEMENTATION DETAILS 3.

The engineering of the said opinion mining method [10-

16] is given in Figure 1. In this way, the logs of the surveyed 

objects [17] and their audit evaluations are put away and 

can't be adjusted soon. The accompanying subsections 

portray each sequent strides in detail. 

Opinion Mining on Amazon Product Data 

using Dictionary Approach 

Jawahar Gawade, Latha Parthiban  



 

OPINION MINING ON AMAZON PRODUCT DATA USING DICTIONARY APPROACH 

66 

Published By: 

Blue Eyes Intelligence Engineering 
& Sciences Publication  Retrieval Number: E10130275S419/19©BEIESP 

 
Figure 1: Proposed Architecture for opinion Mining 

Opinion gathering from user 

The data collection unit gathers the diverse opinions for 

object reviews. The data contains reviewer id, item name, 

helpful, rating, review-text, date of review etc. information. 

But this data contains some missing values or some 

unwanted data, to clean these data we perform data pre-

processing operations. 

Cleaning of Data 

The extracted surveys are given as input to a quality 

mining system [23][24][27]. In our data, we carry out 

operation mainly on text data and rating which is actual data 

by the reviewer. We carry out ETL operation on data. For 

example. Review Error! Reference source not found.] text 

contains special symbols, commas, a punctuation mark 

which had been removed after ETL operation. Figure.2 

shows the overall design flow of data in ETL process. 

 
Figure 2: ETL process for opinion mining 

Extraction of data 

The initial phase is extraction. Throughout extraction, 

information is exactly recognized and afterward taken from 

diverse areas, alluded to as the beginning. The beginning 

can be an assortment of things, for example, records, 

database, a pipe, and so forth. It isn't ordinarily conceivable 

to focus the right subset of intrigue, so an enormous quantity 

of data that would normally be suitable is separated to 

assurance it covers everything required. 

Transformation of data 

In this project, we transform information into ARFF file 

format for classified info. In this process, we eliminate stop 

words, double records, cleaning of records and format 

revision operations. 

Loading of data 

Here, we load information in and assign to the classifier 

using ARFF file.  

Extracting the features 

For Extracting highlight, we utilized the lexicon which 

contains various English words Error! Reference source 

not found.Error! Reference source not found.Error! 

Reference source not found.. Here we split each survey 

into words and after that pass it to assessing capacity. POS 

labelling task performed on each word and come back with 

POS labelling. 

Calculating the Score 

For each sentence Error! Reference source not 

found.Error! Reference source not found., SentiWordNet 

Error! Reference source not found.Error! Reference 

source not found. is a terminology of words utilized to 

allocate a priority count to each opinionated word either 

good or bad count. In our case, it is „good‟ or „bad‟ item. 

Algorithm 1 shows an estimation of the final score. We also 

find out emotions Error! Reference source not found. of 

each user review Error! Reference source not found.. 

Aggregate good and bad polarity Error! Reference source 

not found. can be considered using the method given 

below: 

                ∑             

               ∑            (1) 

 i, j denoting the opinion and feature of the product. 

Performance Measure 

For calculation, we utilized a supervised algorithm 

Error! Reference source not found.. All classifiers take 

reviews as input and classify that into two grades. From 

parameters such as TP, TN, FP, and FN. we compared three 

algorithms and show which one will classify more exactly. 

Prior to proceeding let‟s take a look at brief information on 

three machine learning Error! Reference source not 

found.Error! Reference source not found. algorithms: 

SVM classifier 

An SVM is a classifier regularly characterized by an 

isolating hyperplane. In the end, given named preparing 

information (directed learning), the calculation yields a 

perfect hyperplane which classifies novel cases.  

Naive Bayes 

It is a classifier generally used to classify text, sentences 

etc. In our case we split sentences. 

Random Forest 

It randomizes the calculation, not the preparation 

information. Accuracy, Precision and Recall are calculated 

using the true positive,true negative and false positive, false 

negative values. 

 ccuracy 
 P  N

 P  N FP FN
 (2) 

Precision 
 P

 P FP
 (3) 

 ecall 
 P

 P FN
 (4) 
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Equation (2), (3) and (4) illustrates the conclusion of the 

classifier. We match it with the current work and check the 

excellence among them. This will assist us in determining 

the execution of our classifier. 

 

 

 EXPERIMENTAL RESULTS 4.

Accuracy 

Accuracy isn't really a reliable metric for the real 

performance of a classifier when the number of samples in 

various classes vary greatly (unbalanced target) because it 

will yield misleading outcomes. 

         
     

     
 

Algorithms Accuracy 

SVM 0.92 

Naïve Bayes 0.89 

Random Forest 0.91 

Table 1: Accuracy of Opinion 

 
Figure 3: Accuracy of Opinion 

Error-rate 

The error rate is an expectation mistake measurements for 

a paired characterization issue. The error rate measurements 

for a two-class arrangement issue are computed with the 

assistance of a Confusion Matrix. 

           
     

     
 

 

Error Rate 

SVM 0.075 

Naïve Bayes 0.102 

Random Forest 0.088 

Table II: Error- Rate of Opinion 

 
Figure 4: Error- Rate of Opinion 

Specificity 

The extent of negatives in a paired characterization test 

which are effectively distinguished. 

            
  

               
 

 

Specificity 

SVM 0.11 

Naïve Bayes 0.15 

Random Forest 0.16 

Table III: Specificity of Opinion 

 
Figure 5: Specificity of Opinion 

ROC 

A ROC of opinion is depicted in figure 6. 

 

x y 

SVM 0.88 0.99 

Naïve Bayes 0.85 0.96 

Random Forest 0.83 0.97 

Table IV: ROC of Opinion 

 
Figure 6: ROC of Opinion 
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TP Rate and FP Rate 

TP Rate represents the fraction of TP to actual positive. 

         
  

               
 

FP Rate represents the fraction of FP to actual negative. 

         
  

               
 

 

 

 

 

TP Rate 

FP 

Rate 

SVM 0.99 0.88 

Naïve Bayes 0.96 0.85 

Random Forest 0.97 0.83 

Table V: TP and FP Rate 

 
Figure 7: TP and FP Rate 

Precision, Recall and F-measure 

Precision: When it predicts yes, how often is it correct. 

Precision 
 P

 P FP
 

Recall: When it's actually yes, how often does it predict 

yes. 

 ecall 
 P

 P FN
 

F-measure: is an evaluation of a test's accuracy and is 

determined as the weighted harmonic mean of the precision 

and recall of the test. 

 

Precis

ion Recall 

F-

measure 

SVM 0.91 0.92 0.89 

Naïve Bayes 0.87 0.89 0.88 

Random Forest 0.88 0.91 0.89 

Table VI: Precision, Recall and F-measure 

 
Figure 8: Precision, Recall and F-measure 

 CONCLUSION 5.

In this paper, we build the client review supported 

opinion miner which finds the highlights of the item by 

breaking down the review or opinion. This model uses the 

machine learning way to deal with opinion mining. The 

polarity of the opinion is appraised utilizing SentiWordNet. 

Polarity groups the opinion as great or terrible among every 

one of the opinions. Review data connected to three 

calculations, for example, Naive Bayes, SVM, and random 

forest. The correlation result demonstrates that SVM 

characterizes information all the more correct. The future 

work is to actualize a modified SVM approach which 

contains a scoring calculation for review characterization 

where each review is labelled utilizing a lexicon and ready 

to locate a more precise score of each review. 

REFERENCES 

1. [ ania Othman et al.” Extracting Product Features for 

Opinion Mining Using Public Conversations in  witter”, 

International Conference on Knowledge Based and Intelligent 

Information and Engineering Systems, KES2017, 6-8 

September 2017, pp. 1-9. 

2. Venkata  ajeev P et al.”  ecommending Products to 

Customers using Opinion Mining of Online Product Reviews 

and Features”, 2015 International Conference on Circuit, 

Power and Computing Technologies, pp.1-5. 

3. Shoiab  hmed et al.”   Novel  pproach for Sentimental 

Analysis and Opinion Mining based on SentiWordNet using 

Web Data”, IEEE 2015, pp-1-5. 

4.  oshan Fernandes et al. “ nalysis of Product  witter Data 

though Opinion Mining”, IEEE 2016, pp. 1-5. 

5.  .  ngelpreethi et al. “ n enhanced architecture for feature 

based opinion mining from product reviews”, World Congress 

on Computing and Communication Technologies 2017, pp.1-

4. 

6. Blety Babu  lengadan et al. “Modified  spect/Feature Based 

Opinion Mining for a Product  anking System”, IEEE pp.1-5. 

7. S.Sangeetha et al. “ spects based Opinion Mining from 

Online  eviews for Product  ecommendation”, International 

Conference on Computational Intelligence in Data Science, 

IEEE 2017, pp.1-6. 

8.  fshan Ejaz et al. “Opinion Mining  pproaches on  mazon 

Product Reviews: A Comparative Study”, IEEE 2017, pp. 1-7. 

9. Kudakwashe Zvarevashe et al. “  Framework for Sentiment 

 nalysis with Opinion Mining of Hotel  eviews”, Conference 

on Information Communications Technology and Society 

2018, pp. 1-4. 

10.  lec Go, et al, “ witter 
sentiment classification 

using distant supervision 

0.7

0.8

0.9

1

1.1

SVM Naïve Bayes Random Forest

TP Rate FP Rate

0.84

0.86

0.88

0.9

0.92

0.94

Precision Recall F-measure

SVM Naïve Bayes Random Forest



International Journal of Recent Technology and Engineering (IJRTE) 

ISSN: 2277-3878, Volume-7, Issue-5S4, February 2019 

69 

Published By: 

Blue Eyes Intelligence Engineering 
& Sciences Publication  Retrieval Number: E10130275S419/19©BEIESP 

processing”, Stanford University, 2009, pp. 1–6. 

11. M. Hu, et al, “Mining and summarizing customer reviews”, 
ACM SIGKDD international conference on Knowledge 

discovery and data mining, 2004, pp. 168-177. 

12. Bo Pang, et al, “ humbs up: Sentiment classification using 

machine learning techniques”, International Conference on 

Empirical Methods in Natural Language Processing 

(EMNLP), 2002, pp. 79–86. 

13. Bo Pang, et al, “  sentimental education: sentiment analysis 
using subjectivity summarization based on minimum cuts”, In 

the Proceedings of the Association for Computational 

Linguistics (ACL), 2004, pp.271–278  

14. Bo Pang, et al, “Opinion mining and sentiment analysis”, 
Foundations and Trends in Information Retrieval, 2008, Vol 

No 2, pp.1–135. 

15. Magdalini Eirinaki, et al, “Feature-based opinion mining and 

ranking”, Journal of Computer and System Sciences, 2012, 

Vol No. 78, pp. 1175–1184.  

16. Ley Zhang, et al, “Combining lexicon based and learning-

based methods for twitter sentiment analysis”,  echnical 

Report HPL-2011-89, HP. 

 

 

 

 

17. Kamal  marouche, et al,” Product Opinion Mining for 
Competitive Intelligence”,  he International Conference on 

Advanced Wireless, Information, and Communication 

Technologies (AWICT 2015), Procedia Computer Science 73 

, 2015 ,pp. 358 – 365. 

18. D. Xiaowen, et al, “Entity discovery and assignment for 
opinion mining applications”, 15th  CM SIGKDD 

international conference on Knowledge discovery and data 

mining, 2009, pp. 1125- 1134.  

19.  . Wilson, et al, “Opinion finder: a system for subjectivity 

analysis”. In HL /EMNLP on Interactive Demonstrations, 

2005, pp. 34–35. 

20.  W. Jin, et al, “Opinion-Miner: a novel machine learning 

system for web opinion mining and extraction”, in 15th  CM 

SIGKDD international conference on Knowledge discovery 

and data mining, 2009, pp. 1195-1204. 

21. Jerome  . Bellegarda, “Emotion  nalysis Using Latent 
 ffective Folding and Embedding”, Proceeding C  GE  '10 

Proceedings of the NAACL HLT 2010 Workshop on 

Computational Approaches to Analysis and Generation of 

Emotion in Text. 2010, pp. 1-9. 

22. Vibha Soni, et al, “Unsupervised Opinion Mining from  ext 
 eviews Using SentiWordNet Net”, IJC  , Vol No. 11, 

2014, pp. 234-238. 

23.  . Pak, et al, “ witter as a Corpus for Sentiment  nalysis and 
Opinion mining”, L EC, 2010, pp. 1320-1326. 

24. Bing Liu, “Sentiment  nalysis and Opinion Mining”. Human 
Language Technologies 2012, pp. 1-167. 

25. Stefano Ferilli et al, “ utomatic Learning of Linguistic 
 esources for Stopword  emoval and Stemming from  ext”, 

Procedia Computer Science, Vol No.38, 2014, 116 – 123. 

26. Fellbaum C, “WordNet:  n electronic lexical database”, MI  

press Cambridge, 1998, MA. 

27. Zhongwu Zhai, et al, “Clustering Product Features for 
Opinion Mining”, WSDM‟11, 2011, pp. 1-8. 

28. Bruce W, et al, “Classification for Selected Spell Checkers 

and Correctors”,  echnical  eport   -UNISA-2008-01, 

School of Computing, University of South Africa, 2008. 

29. M. Hu, et al, “Mining opinion features in customer reviews”, 
The 19th National Conference on Artificial Intelligence, 2004, 

pp. 755–760. 


